
INTERNATIONAL JOURNAL OF SCIENTIFIC & TECHNOLOGY RESEARCH VO`LUME 10, ISSUE 04, APRIL 2021  ISSN 2277-8616 
 

401 
IJSTR©2021 
www.ijstr.org 

 Predicting Price Trend In The Stock Market 
Based On Data Analysis, News Sentiment And 

False-News Detection 
 

Elmasry, Mohamed Abbas 
  

Abstract: There are many real factors that may affect the share price in the stock exchange, and these factors are of interest to investors, given that the 
stock market is one of the main markets for investment and profit making. Supply and demand are a major factor in determining the share price. The 
supply and demand for the stock is affected by several different factors, most notably: corporate finance and performance, the current economic 
situation, the extent of political stability and market trends. There are other factors which are not related to the companies' performance or the state of 
the economy etc., but which affect the stock price on the stock exchange. One of these factors is the false news that is promoted with the aim of 
influencing the stock prices, negatively or positively. False news can lead investors to make decisions that involve significant investment risk. The 
accuracy of predicting the stock trend in the stock exchange is very important as it helps to spare investors the investment risk. Predicting stock prices is 
very important for investors seeking to maximize the return on investment in stocks. Predicting price trends in the stock market is extremely difficult due 
to the nature of the market causing rapid and sometimes intense fluctuations, which complicates the predicting process. This paper aims to build an 
appropriate model to get rid of the impact of false news to predict stock trends in the stock market in a way that contributes to reducing the risks of high 
investment in the stock market. The paper uses machine learning algorithms for the purpose of detecting false news, analyzing sentiments related to 
financial news, and analyzing financial data of the stock market using different mining tools and machine learning models in a way that leads to better 
performance of the predicting model. Linear regression achieved the best results with the proposed model as it reached the highest accuracy level for 
predicting stock price trends of 92.74%. 

 
Index Terms: False news, Sentiment analysis, Data Mining, Text Mining, Machine Learning, Price Prediction, Knowledge discovery. 

——————————      —————————— 

1 INTRODUCTION                                                                     

he stock market is a huge market where supply and demand 
meet to complete the buying and selling of shares. The stock 
market is characterized by a volatile nature that is difficult to 
anticipate, and in the same context, recent years have 
witnessed more investment with very large amounts of money 
in the stock market, and these investment decisions involve a 
large degree of risk, there are possibilities of achieving a loss 
and there are opportunities for profits. Making investment 
decisions in the stock exchange requires an accurate 
prediction of the future price behavior of the stock exchange. 
There is no doubt that the data of the exchange plays an 
important role in the decision-making process to buy or sell. 
When the volume of data in circulation increases dramatically 
and these data contradict each other, investors face 
challenges in making appropriate investment decisions. 
Accurate stock price prediction helps investors make 
investment decisions and determine the most appropriate time 
to conduct deals in the stock market. The circulation of false 
news leads to major disturbances in stock prices, as a result of 
the buying and selling operations affected by these misleading 
data, which cause large financial losses [17][17]. Since stock 
price predictions matter to investors in the stock market, a 
prediction based on false news or rumors poses a significant 
risk to investments in this area. In general, the spread of false 
news on the stock exchange directly affects the decisions of 
investors, and thus discovering the reliability of news 
circulating on the stock exchange is an essential step to avoid 
huge financial losses as a result of making investment 
decisions based on wrong foundations [5]. On the other hand, 
accurate prediction of future stock trends helps investors 
achieve a higher return on investment by making informed 
decisions about the most suitable stocks that can be bought 
while determining the best time to buy based on the predicted 
stock prices. The prediction model in this paper is based on 
detecting false news, sentiment analysis associated with news 
reports regarding stock market, as well as analysis of historical 
data.  

The prediction model aims to reduce error in estimation and 
achieve accurate prediction. As for the historical data, it 
contains the values of stocks on Nasdaq, the most famous 
financial market in the United States, for Amazon, Google, and 
Exxon Mobil Corporation during 2016 and 2017.   The 
prediction passes through three phases, the first phase, the 
detection of false news, the second phase, sentiment analysis 
towards stock news in the stock exchange into positive and 
negative, the third phase, merging the previous outputs with 
the historical data of stocks using different mining tools and 
machine learning models to reach the highest level of 
accuracy in predicting the trends of stocks in the future. 
 

2 RELATED WORKS     
By reviewing the relevant literature, it was found that studies 
have taken multiple directions in predicting stock prices, as a 
number of studies have been interested in studying stock price 
behavior based on text mining and news sentiment analysis. 
Another aspect of the studies dealt with predicting stock price 
developments, as it relied on predicting future prices for stocks 
in light of historical data for stock trading prices. A very limited 
number of studies have been concerned with revealing the 
reliability of news in the stock market and monitoring false 
news related to stocks to predict future stock prices. Among 
the studies that focused on text mining in general, or text 
mining and analyzing feelings in the stock market news, the 
following: Ma Jian et al. [20] deal with text mining by 
classifying text documents in an intuitive way and dealing with 
English texts. They used SOM algorithm in text mining, as 
they found it to be an efficient and accurate method for text 
mining. Zhang et al. [32] pointed out that a good reputation is 
the most important characteristic of sellers in e-commerce, 
which requires a great effort from consumers in discovering 
sellers with good reputations. Therefore, the study suggested 
assessing confidence in the seller's reputation online by using 
text mining to elicit feedback from previous consumers. It is a 
difficult and complicated process for buyers to identify 
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trustworthy sellers. The authors collected relevant data from 
Amazon and eBay, and then used the lexical LDA algorithm to 
rank sellers according to the degree of confidence that the 
comment texts reflect through Amazon and eBay data. 
Aggarwal et al. [4] used side information for text mining. To 
achieve this, he used the classic partitioning algorithm with 
proposed probability models. The results of the study showed 
that the use of side information can lead to the quality of text 
clustering and classification, so the results of the text mining 
are of great value. Bing [7]  used a model to predict future 
stock prices based on analyzing data collected from social 
media, and he combined neuro-linguistic programming (NLP) 
methods and data mining methods through that study, and 
found a relationship between sentiment and stock prices. 
Alostad and Hasan [6] built a model to predict stock price 
trends on hourly basis, and used textual analysis of online 
news and breaking news for each stock. By using logistic 
classifier, it was found that the logistic regression with the 
keyword achieves accurate prediction of stock prices in the 
stock exchange with textual analysis of news data, and reports 
of stock data every hour from websites. As for Patrick et al. 
[22], they used text-mining techniques with the aim of 
analyzing feelings about the stock market, using the 
combination of resources and keywords in analyzing stock 
market reports. The study also included a comparison of stock 
values with models that measure sentiment. The study 
concluded by providing a number of recommendations to 
avoid the risks of investing in the stock market. Abdullah et al. 
[2] used neuro-linguistic programming (NLP) techniques as 
well as text mining methods applied in the Bangladesh stock 
market. The study was able to predict stock price 
developments using an information analysis algorithm with 
Open NLP and then warn investors regarding the risks of 
buying and selling shares. Islam et al. study [14] indicated that 
research in the field of text mining still needs to improve the 
framework’s performance in terms of classification accuracy. It 
also emphasized the importance of applying soft computing 
methods in analyzing big data based on the research field’s 
requirements. Among the studies that focused on predicting 
stock price developments by analyzing historical data for stock 
trading prices are the following: Shynkevich et al. [28] used 
multiple kernel learning methods (MKL) to investigate through 
two categories of news, including both stock market news data 
as well as historical stock price data. The research proved that 
the use of k-NN achieves poor prediction accuracy, and also 
found that the use of different categories of news improves the 
accuracy of predicting stock prices up to 79.6% depending on 
the use of polynomial kernels on the news categories related 
to the financial data of the stock exchange. Sachdeva et al. 
[26] implemented a deep learning method for stock prices and 
NIFTY50 stock index predicting. Deep learning of a recurrent 
neural network (RNN) model was trained with the aim of 
predicting stock prices of some companies listed on the NSE 
stock exchange of India. The study found that results from 
deep learning models are able to predict the stock market 
prices for small-value data sets, while the study was not able 
to accurately predict outcomes for large-value data sets. As for 
the study of Raghunath A. & Rajak [25], It aimed to develop a 
model using data mining algorithms such as the KNN 
algorithm along with machine learning tools such as the 
genetic algorithm and SVR with sentiment analysis. The study 
indicated that the logistic regression used to create the ratios 
is the most appropriate algorithm. The Twitter feed was 

chosen as the source of news that is analyzed by a set of 
keywords affecting the achievement of movements in the 
study. It showed that the results of the analysis improve if the 
algorithms are implemented together. The prediction values 
reached by the study ranged from 70% to 75%.After reviewing 
the previous studies, we point out that the current study is 
characterized by combining more than one method for 
predicting stock prices, as the study model relies on text 
mining to analyze news sentiments, uncover false news and 
analyze historical data on stock prices, in order to reach more 
accurate results in predicting the behavior of the stock market 
due to the importance of this for decisions to invest in the 
stock exchange.   
 

3 THE IMPACT OF FALSE NEWS ON THE STOCK 

EXCHANGE 
There is a need to distinguish between misinformation and 
false information. False information is incorrect information 
transmitted with the intention of deceptive influence. It is false 
information spread to deceive. Spreading a lot of misleading 
information related to false content on social networks and 
other networks does not require high technology, but it 
depends on what is called social engineering in deception, in 
fact, deception is a psychological process, not a technical one, 
but it may depend on technical means to be more widespread. 
One of the reasons for this growing problem is that the more 
social media users follow the news content, the greater the 
profit that the owners of the social network will get, and thus 
the focus on honesty, accuracy and reliability decreases. The 
creators of false stock news can simply create an incorrect 
impression among readers of that news as being true. As a 
result of the interaction between creators of false information 
about stock prices and consumers or readers of the content, a 
false news environment is created; some economic, social and 
political factors contribute to increasing the activity of this false 
news environment, and even making it an attractive economic 
option for many followers [5]. Since people are increasingly 
using social media to follow the news, as most of them lack 
the ability to objectively evaluate news content on social 
networks, many of them are vulnerable to falling victim to false 
news that is broadcast about stock prices on the stock 
exchange that affects price and trading volume. Researchers 
have discovered that false news on financial websites can 
affect stock markets in terms of price and trading levels. To 
study the impact of false news on the stock market, a number 
of researchers from Yale University, Massachusetts Institute of 
Technology, and AQR Capital Management conducted a study 
on the impact of false financial news on the stock market, 
concluding that false news increased the level of stock 
exchange trading and increased volatility in Stock prices on 
the stock exchange [17]. With regard to false news related to 
the stock exchange, linguistic algorithms were used to 
discover the pattern of deception expressing a larger group of 
news content. It turns out that broadcasting false news about 
small-sized companies’ results in increased stock trading 
activity and a temporary effect on prices, but this effect does 
not extend to large companies [5, 17]. 
 

4 TEXT MINING  
Text mining differs from data mining in the nature of the data 
they each deal with. Data mining is a mathematical process 
that involves extracting existing knowledge from structured 
data, while text mining is a mathematical process of extracting 
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knowledge from unstructured data. Text mining is one of the 
branches of data mining, where algorithms begin to convert 
unstructured data within text into structured data with the goal 
of analyzing it more accurately. [8] Text mining is an 
indispensable way to understand developments in stock prices 
on the stock market. It contributes to exploring atypical 
informationThe following figure illustrates an exploration of text 
mining process: 
 

 
Fig. 1, Text mining Process 

 
Text Mining Methods: 
There are several methods for searching in texts, including 
the following: 

 
 Information Extraction: 
Extraction of information is an initial step in the text analysis 
process if the text is not structured. Information is extracted 
by simplifying the text, where the goal is to identify 
expressions contained in the texts and discover the 
relationship between them.  

 

 
Fig. 2, Information Extraction System [8] 

 
As noted from the previous figure, The process begins with 
basically dividing the text in the document into sentences by 
means of sentence breakers or segmenters, after which each 
sentence is broken down into words using a tokenizer. Then 
each sentence is marked with tags, which is an important 
stage in the detection of the entity, where the search for the 
semantics of entities that may attract attention in each 
sentence begins, and then relationship discovery is used to 
search between the different entities in the texts of possible 
relationships [14]. This method is best suited for large texts, 
where structured and unstructured information is separated 
and blurred relationships are discovered. 

 
 Information visualization: 

This method is based on visual representation in text mining. 
It includes text mining to prepare the data as required, 
analysis and extraction, in addition to visual mapping in order 
to visualize the information [13].  For user interaction with the 
document, zoom and scale functions are used. 

 
 Clustering: 
According to this method, the text is segregated into one 
group and using the same method creates a cluster of 
groups [20]. Then, the words are separated quickly, and 
each word is assigned weights. After computing the 
similarities, clustering algorithms are used to generate 
classes’ lists. 

 
 Classification: 
Classification is another method of text mining. It aims to 
discover the main topic of a document by adding Meta and 
analyzing the document, then counting the words to 
determine the subject of the document generated by the 
classification technique.  With regard to text mining to 
predict the future direction of the stock market, it is based 
on an effective market hypothesis, which includes the best 
“buy and hold” trading strategy [1]. Text mining of news 
gives great value to the decision to trade via the analytical 
method. Support Vector Machines are a suitable basis for 
understanding and analyzing [15]. When analyzing 
conceptual text, the text-based model requires the use of 
a statistical analyst who is able to analyze through each 
term of the sentence and separate important from 
unimportant terms, it also requires the use of a 
Conceptual Ontological Graph (COG) that represents the 
concept according to the meaning of the sentence. It also 
uses a conceptual extractor that indicates important 
concepts and can be distinguished based on Conceptual 
Ontological Graph. 
 

 
Fig. 3, Conceptual Text Mining [19] 

 
Figure 3 illustrates a conceptual text mining, in which the text 
document is analyzed by a concept-based statistical analyzer, 
concept extractor, and conceptual ontological graph 
representation. The statistical term works on multiple levels, it 
may be at the sentence level or the whole document level in 
order to define statistical terms [19]. 
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5 THE PROPOSED MODEL 
The proposed model aims to predict the behavior of the stock 
market in order to rationalize investment decisions in the stock 
exchange and help investors avoid the risks associated with 
decision-making. The architecture of the proposed model 
combines identification and separation of false news, 
sentiment analysis of stock market news articles, and stock 
market historical prices. 

 
Data Description: 
The proposed model was used by the current paper based on 
US market data. It is the most famous financial market in the 
United States is the Nasdaq market, where the shares of 
major companies are traded through it. Through this paper: 
the share data of the following companies has been used: 

 Amazon (AMZN)  
 Google (GOOG) 
 Exxon Mobil Corporation (XOM) 

The time-span of the research is the years 2016, and 2017.   
Several tools have been used in this research to reach the 
final results; those are python, azure machine learning studio, 
and excel. Main load on python was to process the text 
datasets, gensim, and nltk libraries were heavily used; also for 
sentiment extractions. Azure machine learning studio classic 
was used to run the final closing price of the stocks. Excel was 
used to aggregate data and prepare it to csv format. Also, 
news data about the shares of these companies were 
collected from well-known sources like Reuters, yahoo 
finance, Google finance. Below is a graph showing the steps 
of the proposed model. 

 

 
Fig. 4, The proposed model 

 
The implementation of the proposed model as shown in Fig. 4 
goes through three phases: 

 
Phase 1: News Classification 
The proposed model starts with a news-dataset that both title 
and text was analyzed. The dataset for this phase has been 
acquired from  fake news classifying dataset from Kaggle 
<False and real news dataset | Kaggle>. Both news articles 
were aggregated into one dataset of somewhat similar 
proportions, Natural Language Processing is then applied on 
the dataset to first remove small not essential words, aka, 
stop-words which are common words such as "there", "when", 
"the" and use words that appear at least a certain number of 

times within a set of textual data. Then tokenization of the 
article words was done, this means they were separated into 
separate phrases/words, i.e. tokenized, and final pre-
processing was to vectorize the data using python library. The 
data is then split into train/test sets to train the best fit binary 
classification model to our dataset.  

The steps are as follows: 
1. Join both False and real news datasets.  
2. Remove all stop-words from titles and body. 
3. Tokenize the resulting word dataset. 
4. Vectorize the words.  
5. Split the data to train and test. 
6. Apply logistics regression. 
7. Extract model predictions 

  
Phase 2: Sentiment Analysis 
After false news is detected and filtered from the news dataset 
in the first phase, we need to apply sentiment filter to analyze 
dataset into positive or negative in the second phase. Using 
python nltp library the news was analyzed to generate a 
sentiment for it. The compound sentiment value for each news 
was extracted.  

The steps are as follows: 
1. Find polarity scores (neg, pos, nue) of the news. 
2. Extract compound score. 

 
Phase 3: Stock Price Trend Prediction 
 
After false news is detected and filtered from the news dataset 
in the first phase, and analyzed into positive or negative in the 
second phase, these results are combined with historical stock 
price analysis during the third phase. 
To analyze the historical prices of the stock market, the 
opening price, the closing price, as well as the high and low 
(OHLC) price where used, where the opening price is the price 
at which the stock opens at the beginning of the day in the 
stock exchange, and the high price is the specific stock that 
achieved a significant increase on that specific day, and the 
low price is the specific stock that achieved a significant 
decrease during that specific day, as for the closing price, it is 
the share price at the end of trading that day on the stock 
exchange.   

 

 
Fig. 5, An illustrative example of (OHLC) prices on a given day 

 
Dataset used was acquired from Yahoo Finance for years 
2016, 2017. The sentiments were aggregated on a day level. 
Final sentiment score of positive or negative is given to each 
day. Also merging with this data on date level was the stock 
price data. An extra feature was added and that the price 
trend, raising/falling.  
 
The steps are as follows: 

1. Aggregate sentiments score per day. 
2. Merge with stock price historical data. 
3. Remove non-trade days. 

https://www.kaggle.com/clmentbisaillon/fake-and-real-news-dataset
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4. Apply linear regression. 
5. Extract test data predictions. 
6. Compare resulting trend prediction with true data.  
7. Find model trend prediction accuracy. 

     
The resulting expected stock price trend is determined and 
compared to the true trend, and the best performing model is 
linear regression. Based on what has been accomplished in 
the three phases according to the proposed model, results 
were reached. 
 

6 RESULT AND DISCUSSION 
In this section, we discuss the experimental results that we 
have reached through the three phases: The first phase 
includes the results of detecting false news by analyzing the 
news into false or real news. The second phase includes the 
experimental results of a sentiment analysis of the stock 
market news as a positive or negative impact on the decisions 
of buying and selling shares in the stock exchange. The third 
phase shows the results of predicting the up and down trends 
of stocks in the stock market. 
 
Phase 1: News Classification 
According to the above model, the experiment started with 
cleaning the data and producing a clean result for the first 
phase. 
 

TABLE 1, Data Preprocessing of News in Phase 1 

Original Title Cleaned Title 

BOOM! Danish Government 
Considers Seizing Migrantâ€™s 
Valuables To Pay For Benefits 

['boom', 'danish', 'government', 
'considers', 'seizing', 'migrant', 

'valuables', 'pay', 'benefits'] 

HARD CORE: Ten GITMO 
Detainees Released To Oman 

['hard', 'core', 'gitmo', 'detainees', 
'released', 'oman'] 

 
Table 1 illustrates an example of pre-processing news data in 
the first Phase.  
After pre-processing, the training was turned into numeric 
representations using vectorizing function.  

  vec_train=CountVectorizer().fit(X_train) 
X_vec_train=vec_train.transform(X_train) 
Other Features used in experiments in this phase are: 

1. Number of False and Real News Per Day 
2. Average Compound Sentiment for False and Real 

News Per Day 
3. Maximum Sentiment Number for False and Real 

News Per Day 
4. Minimum Sentiment Number for False and Real 

News Per Day. 
There are a range of different textual properties that can be 
used to distinguish false news from real news. Patterns are 
identified in the texts that distinguish false news from real 
news. False news has been observed to have some common 
features, including short news content, less frequent news, 
less self-references, and low authenticity level. 
We got the results in the form of the class of the news as 
following: 

 (Zero) for False. 
 (One) For Real. 

After separating the news data into real and false news, we 
moved to the second phase. 

 
Phase 2: Sentiment Analysis 

The stock news sentiment analysis of the stock exchange was 
performed using various algorithms to obtain the highest 
accuracy. Phase 2 resulted in similar to the below table level 
of sentiment analysis.  

 
TABLE 2, Sentiment Polarity Determined By Sentiment 

Analysis 

Clean_title Scores Compound Sentiment 

['major', 'study', 'finds', 
'marijuana', 'perfectly', 

'safe', 'teens'] 

{'neg': 0.0, 'neu': 
0.413, 'pos': 0.587, 

'compound': 
0.7964} 

0.7964 Positive 

['republican', 
'candidates', 'join', 

'bigot', 'pastor', 'says', 
'god', 'punishes', 

'gays', 'aids', 'video'] 

{'neg': 0.201, 'neu': 
0.519, 'pos': 0.279, 

'compound': 
0.0516} 

0.0516 Positive 

['conservative', 
'columnist', 'tries', 

'declare', 'war', 'iran', 
'behalf', 'america'] 

{'neg': 0.358, 'neu': 
0.642, 'pos': 0.0, 

'compound': -
0.5994} 

-0.5994 Negative 

['texas', 'pastor', 
'explains', 'clouds', 

'perform', 'miracles', 
'video'] 

{'neg': 0.0, 'neu': 
1.0, 'pos': 0.0, 

'compound': 0.0} 
0 Neutral 

 
As shown in Table 2, sentiment polarity towards stock news 
was determined to be positive, negative, or neutral. News 
classification accuracy was initially at 94.76% and it was 
improved to 99.67 %. This was done by analyzing both the 
headline and body texts for each news item. 
 
Phase 3: Stock Price Prediction 
 
A phase 3 input was the sentiment plus open, high, low, and 
closing price of the stocks chosen. The stocks chosen had to 
have relation to the news as the dataset consists of political, 
economic and other global news. It should be noted that many 
attempts have been made to achieve the best results. After 
trying to extract several features to be included in the model, it 
turns out that the best combination is to use a sentiment 
expression (positive, negative, neutral) after decoupling the 
false news, and merging the sentiment expression with 
historical data for stock prices, including the open, high, low 
and close prices of the selected stocks. For price trend 
prediction many models where used to reach the above 
results. For example, using the boosted decision tree for XOM 
stock would only reached up to 83.5% accuracy, while linear 
regression's model achieved the highest prediction accuracy 
of 92.74%. Below is a comparison of different models for XOM 
stock.  

 

 
Fig. 6, Accuracy level in predicting stock trends according to 

different models 
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The final results for the chosen three stocks and their model 
performance were as the following figure: 

 
TABLE 3, Indicators of the Results of the Proposed Model 

Indicators XOM AMZN GOOG 

Accuracy 0.927419 0.895161 0.8548 

Mean Absolute Error 0.174784 2.714791 2.3501 

Root Mean Squared 
Error 

0.226542 3.957799 3.2224 

Relative Absolute Error 0.099312 0.035331 0.0530 

Relative Squared Error 0.010919 0.002209 0.0042 

Coefficient of 
Determination 

0.989081 0.997791 0.9957 

 
The proposed model resulted in 85.48% to 92.74% accuracy, 
when comparing the real trend to the predicted trend. The 
linear regression coefficient of determination was also close to 
1, which indicates a perfect fit. To verify the effectiveness of 
the proposed model in predicting stock trends in the stock 
market, the proposed model was compared with the results of 
previous studies, as shown in the following table. 

 
TABLE 4, Comparison of the Results of Prediction Accuracy of 

Stock Trends 

The Studies 
The Highest achieved 
prediction accuracy 

Kim Y. et al. model [16]  65% 

Cakra et al. model [9]  67.73% 

Thanh model [30]  75% 

Raghunath & Rajak model [25] 75% 

Bing L. et al. model [7]  76.12 

Shynkevich et al. model [28]  79.59% 

Elsayed et al. model [11] 89.80% 

This paper’s model 92.74 % 

 
As evidenced by the comparison in the previous table, the 
experimental results of this paper proved that the proposed 
model can effectively predict stock trends in the stock market 
based on false news detection, sentiment analysis, and 
historical stock price analysis. 

 
7 CONCLUSION AND FUTURE WORKS 
Several factors influence the stock market. Stock news is one 
of the factors that influence investment decisions in the stock 
exchange. Determining the reliability of the news is critical in 
predicting the stock market, therefore detection of false news 
effectively contributes to improving the accuracy of predicting 
stock price trends and avoiding financial losses associated 
with making wrong decisions. The proposed model for 
predicting the trends of stocks went through three phases. The 
first phase was to separate false news from true news, with 

the aim of eliminating the impact of false news. Language 
processing and python library were used in this phase. As for 
the second phase, main load on python was to process the 
text datasets, gensim, and nltk libraries were heavily used; 
also for sentiment extractions. The news was classified into 
positive or negative using python nltp library. The results of 
this phase achieved greater accuracy in analyzing positive or 
negative news sentiment. News classification accuracy was 
initially at 94.76% and it was improved to 99.67%.The third 
phase involves merging the outputs of the second phase with 
the historical data of the stocks of the companies included in 
the study. For price prediction many models where used such 
as boosted decision tree, decision forest, and linear 
regression's model. Azure machine learning studio classic was 
used to run the final closing price of the stocks. Linear 
regression achieved the best results with the proposed model 
as it reached the highest accuracy level for predicting stock 
price trends of 92.74%.For future work, the research could be 
directed towards increasing the accuracy of predicting stock 
trends in the stock market by adding specialized technical 
analyzes on the performance of stocks. 
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